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Abstract. With the rapid development of Internet technolothe society pays more
attention to education and the economic level, Hre attention of online education
industry continues to increase. Under the backgtoeinthe vigorous development of
online education platform, low return rate is orfetlee important problems it faces.
Based on the expectation confirmation model, thidysconstructs the influencing factor
model of the continuous learning intention of thelie education platform users
according to the actual learning situation of thdine education platform users, and
explores the structure and quantity relationshipvben the variables in the model. The
results show that the improved model has highetaegpory power for the continuous
learning intention of online education platform tsseand learners' perceived usefulness
experience, learning satisfaction and perceive@a@delue can have a positive impact on
the continuous learning intention. Expectation gmition has a positive impact on
learning satisfaction and perceived usefulnessreqee, and perceived usefulness has a
positive impact on perceived added-value. On thisidy this study puts forward some
suggestions for the development of online educatiatform in the future according to
the actual situation in China.

Keywords: online education, continuous learning intentiorpextation confirmation
model, influencing factors

1. Introduction

For enterprises with online courses as their prisjuibe cost of developing new users is
increasing. In such a market competition pattdre,dost of retaining old users is lower
than that of developing new users, and the berfefitsnterprises are more obvious. How
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to retain the existing users on the basis of thetiag large-scale network video user
group is a difficult problem in the developmentawiline education platform. This paper
studies the continuous use behavior of online dthrcaplatform and constructs a
continuous use model of online education platformsdal on expectation confirmation
model, which lays a foundation for the next empirignalysis. The research can not only
help the existing platform to understand wimdiiuencingfactors exist, but also help it to
promote the optimization and improvement of exgptiproducts, and provide some
guiding significance for the marketing and promotiprocess of enterprises. The
members of the project will investigate and anatymedevelopment of online education
platform at home and abroad and the use of usedsfitad out the potential influencing
factors of users' willingness to use online edocatplatform. And then based on
expectation confirmation theory, this paper diseasthe influencing factors of online
education platform users' decision-making mechansotording to the results of the
study, it provides a theoretical scheme and guieldocthe online education platform to
improve user stickiness and loyalty, and at theestime, it will put forward the service
measures and marketing strategies which will helprprove the users' willingness to
use continuously according to the research corangsi

2. Literature review

2.1. Theory of user’s continuous use willingness

User continuous use theory focuses on the evahjdgedback and enhancement of the
process of interaction with information, productsl aservices. For information systems,
the continuous use of users is more important ithitial acceptance. At present, there are
three kinds of models based on technology acceptaradel, expectation confirmation
model (ECM), and integration of several models.

According to some researchers, the behavior of'sudgaformation technology
acceptance is the repetition and extension of ainiicceptance behavior, so the
continuous use behavior of information system iglisid based on the extension and
improvement of acceptance theory such as plan b@htineory, technology acceptance
model and integrated technology acceptance modml. example, Bock study the
influencing factors of users' willingness to usectlonic knowledge base continuously
[1]. Lin and so on verify that perceived usefulnesgstem satisfaction significantly
positively affect the user's intention to use ammbiusly, information quality, technical
task matching impact expectation confirmation degfg]. Some researchers have
observed the difference between initial acceptaard continuous use of information
systems and constructed new research models. Bhatiee introduced the expectation
confirmation theory widely used in the field of emer behavior into the study of
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continuous use of information systems, combinet ie technology acceptance model,
the model including perceived usefulness, systetiafaation, expectation confirmation,
and continuous use intention were constructed.efhgirical study on Gleason's gym in
the background of network banking showed that pegdeusefulness, system satisfaction
and expectation confirmation were important factaffecting users' continuous use
intention. And these three variables accounted 286 of the variation in users' intention
to continue using. Based on expectation confirmatieeory, Chiu studies perceived
usefulness, perceived performance, perceived guaperceived value influence
satisfaction and willingness to use continuousleg-learning environment [3]. Stone and
Baker-Eveleth have also constructed a willingnessse model based on the expectation
confirmation theory, and empirical research has/gulothat satisfaction and perceived
usefulness have a direct positive effect on thenitibn-to-use [4]

2.2.Determinants of users' continuous use willingnes&xpected Recognition Model
Expected confirmation model was first proposed bgtBacherjee [5]. It is suggested that
because of its high prediction ability for usemitinuous use intention, it has become the
most commonly used theoretical model to explore shstainable development of
information system. The model holds that the userdm initial expectation of the utility
of the information system before use, and will proela perceptual understanding of the
actual utility of the system after use. The diffexe between the two is the degree of
expectation confirmation. The higher the degreexqfectation confirmation, the more
useful the user thinks the system is, the moresfgdi the user is, thus forming the
intention of continuous us&ince the expectation confirmation model was pwéod, it
has been widely used by researchers to explorgrtiiems related to the continuous use
of new information systems or information technaoésgoy users.

According to the expectation confirmation modeletlter the user is willing to use
a certain information system continuously is maffigcted by the degree of expectation
confirmation, perceived usefulness and satisfactionan be seen from the model that
the user's satisfaction with the information systers a positive effect on the willingness
to use continuously, and the perceived usefulnéstheo information system directly
affects the willingness to use continuously andtpyaety affects the satisfaction.

3. Research hypotheses

3.1. Research model

Based on the expectation confirmation model, thislysintroduces the influence factor
of perceived added-value, that is, the new addégkvta the original value of the product
perceived by the user. The conceptual model prapwsthis study is shown in figure 1.
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Figure 1: Conceptual model of the study

3.2. Research hypotheses

The expected confirmation degree is an importarialile proposed by the Bhattacherjee
that affects the continuous use of the user. #rsetfo the prediction and actual matching
degree of the user before and after using theceriiased on the improved expectation
confirmation model, Zhang Zhe et al. (2016) verihat the degree of expectation
confirmation has a positive effect on MOOC learhesatisfaction and perceived
usefulness [6]. Many scholars have verified in marsas that the theory of expectation
confirmation has an impact on the willingness tg broducts again and the associated
use of continuing services. For example, when amess expect too much and actual
performance does not exceed expectations, the ltweerdegree of recognition and
indirectly affects consumer satisfaction. On thetrary, the original expectation is lower
and the actual performance is higher, which impsottee degree of recognition and
indirectly improves the satisfactioAlshurideh et al. found that the degree of expemtat
confirmation has A positive impact on satisfactiamen studying the intention and actual
usage of mobile learning system (MLS) drivers afdsnhts in the higher education
background of the United Arab Emirates. These factmave a positive impact on
students' willingness to use MLS [7]. In this stule expectation confirmation degree is
used to reflect the degree of conformity betweenpbrceived effect of the user after the
actual use of the online education platform andetkgected degree before use, and the
following hypothesis is put forward.

H1: the degree of recognition (CF) has a positifeceon satisfaction (SA);

After users actually use the online education ptatf their perceived usefulness is
related to their expectations of the platform befthey use it. If users meet their
expectations after using the platform, they willrhere likely to feel the help of online
education to their learning. Therefore, this stadgumes that:
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H2: the degree of recognition (CF) has a positiffece on perceived usefulness
(PU);

Perceived usefulness perceived usefulness refetisetalegree to which the user
subjectively considers the improvement of job penfance when using a particular
system. When the user's perceived usefulness rehighe more positive the user's
attitude is, and the user's perceived usefulnessa positive role in its satisfaction, so
the user's perceived usefulness is very impor@arhe user satisfaction of the online
education platform. In this study, perceived usedgb is used to reflect the extent to
which users believe that the use of online educailatforms is helpful to their learning,
and thus the following assumption is proposed.

H3: perceived usefulness (PU) has a positive effactatisfaction (SA);

From the results of the survey, as more and masplpdegin to choose online education,
can continue to use a platform mainly depends oetheér it can satisfy the users'
learning needs, provide a rich learning resourbes, help to the improvement, which
need high customer perceived usefulness, userggertb use it up, Zhu Shenqi (2019)
found in the empirical study of music platform sdntention to continue using that
perceived usefulness has a positive impact on thigintion to continue usir{§]. Eunil
Park proved that users' intention to continue usimgrt wearable devices is determined
by perceived usefulness [9]. Therefore, the follmyihypotheses are proposed.

H4: perceived usefulness (PU) has a positive effaatontinuous use intention (CI);

Oliver(1980) the theory of expectation confirmatittat consumers are satisfied
with products or services by comparing pre-purchexgeectations with post-purchase
performance, perceived satisfaction provides areef®e for re-purchase or ug0].
Satisfaction is a psychological state of the coreuthe relative relationship between the
customer's prior expectation of the product or isenand the actual feelings obtained
after the actual use of the product or service.eBasn the empirical research of
expectation confirmation model, Yiling (2016) andher scholars found that user
satisfaction is an important factor affecting thiéimgness of system to continue to H8e
The research results of Carlos Tam et al. show thmatdriving factor of continuous
intention in mobile applications is satisfactijd2]. Customer satisfaction is an important
factor affecting the willingness of the system teeucontinuously. In this study,
satisfaction is used to reflect whether users atsfied and satisfied with the online
education platform after using it, and the follogi@ssumption is put forward.

H5: satisfaction (SA) has a positive effect on aamus use intention (CI);

Perceived added-value refers to the difference dmmtwhe value perceived by the
customer and the cost incurred. The value of aymibdan only be perceived by the
customer to bring benefits to the enterprise. sy added-value is the foundation of
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all business models, economic growth models anch@o@ development models.
Therefore, many online education platforms choosadd some additional added-value
services and additional services, such as freailearesources, free courses and so on,
hoping to enhance the user's sense of use.

In this study, perceived added-value variables wadeed to the expectation
confirmation model, assuming that the perceivedulisess of online learning can have a
positive impact on perceived added-vallmethis study, perceived added-value is used to
reflect the degree of unexpected services and iexmes felt by users of online
education platforms, and the relevant assumptias i®llow

H6: perceived usefulness (PU) has a positive effegierceived added-value (PAV);

When users perceive more added value, they wilktthat the greater the degree to
which the online education platform can be helpduheir future work or study, the more
trusted the platform will be, and its intentiondontinue to use will be improved.iu
Xiaoli and Zhang Lei proved that perceived addeldevdnas a positive impact on users'
intention to pay for online knowledge [1¥.im, Bae and Jeon demonstrated in their
experiments that perceived added value has a ymsiifect on the willingness to
continue using accommodation applicatifh4]. We therefore assume that:

H7: Perceived added-value (PAV) has a positiveceffn the intention (Cl) of
continuous use.

4. Results

4.1. Data collection

4.1.1. Questionnaire design

In the design of the questionnaire, combined wik tharacteristics of the online
education platform, the existing scale of eachalde was adjusted to get the initial
guestionnaire, and the final questionnaire was éattmy the initial questionnaire through
small-scale interviews, questionnaire pre-testemion.

The first draft of the questionnaire consists of arts. First part includes the basic
situation of the respondents, covering the badimrimation such as gender, occupation
and education level; the second part is the evaluatf the measurement index of each
variable. The measurement questions of the modelis# the Richter 5 scale, 1~5
respectively indicate that the attitude of the oesfents is changed from very disagree to
very agree. Five variables, such as confirmatiagreis perceived usefulness, satisfaction
degree, perceived added-value, and willingnessmtirtue to use, were measured, with a
total of 21 items.



Study on the Influencing Factors of Users' Williaga to Use Online Education Platform

4.1.2. Data collection

This research chooses the users of online edudalidiorm as the research object. Since
young people are the main users of online educatlatforms, the respondents are
mostly university students and young employeesnbérprises. The questionnaire was
published on the website Questionnaire star (lttpsw.wjx.cn/), and then users who
have used the online education platform were igvitefill in the questionnaire through
QQ group, WeChat group, Weibo and email. In addjtiquestionnaires were also
distributed to people gathering places and friesmd®ind. A total of 500 questionnaires
were sent out and 450 were returned. Among thef,wire valid questionnaires. The
effective recovery rate was 82%.

4.2. Factor analysis
4.2.1. Reliability analysis of data
SPSS 23.0 software was used to test the reliabilitie questionnaire.

Cronbach coefficient (Cronbachi$ method is used to analyze the internal reliahilit
Nunnally*® believes that the value af coefficient should be greater than 0.7, and that
when the value o coefficient is less than 0.6, the questionnairstnine redesigned. In
Table 1, theo coefficient of expected validation, perceived usedss and perceived
added-value is greater than 0.7, indicating a bigtree of stability and reliability. The
coefficient of intention for continuous use is MG&nd thex coefficient of satisfaction is
0.681, slightly lower than 0.7. The results ofabllity analysis are acceptable to a certain
extent. In summary, the measurement questions oh easearch variable in the
continuous use behavior questionnaire have godailistaand consistency, and the
reliability of the questionnaire is high.

4.2.2. Validity analysis of data

(1) Exploratory factor analysis

Through structural validity analysis, the KMO valagthis questionnaire is 0.919, the
KMO value of each variable is more than 0.5, therall explanation is higher, the
Bartlett statistical value is 0.000, the validitfytbe sample is good, so the interpretation
rate of cumulative variance is 56.722%.Accordingh® component matrix after rotation,
PU1, PU2, SA2, CF2, Cl4, CI5, PAV4 and PAV5 iterne deleted, and the factor load
values of other items are all above 0.5 (Tablag) the remaining items can be used for
factor analysis.



Jia-min Chen and Ruo-yu Song

Table 1: Cronbachu coefficient for study variables

Variable Correlation coefficient | Cronbach’s o after | Cronbach’s a
Expected confirmation 0.775
CFl1 604 671
CF2 574 .689
CF3 .599 .658
Perceived usefulness 0.719
PUL 585 613
PU2 517 .653
PU3 AT3 .677
PU4 463 .684
Satisfaction 0.681
SAl 517 613
SA2 424 .653
SA3 446 677
SA4 471 .684
Perceived added-value 0.726
PAV1 459 .689
PAV2 S19 .665
PAV3 534 .659
PAV4 461 .688
PAVS 452 .691
Continuing use intention 0.699
CI1 .501 .636
CI2 AT72 .642
Ccn3 467 .644
CI4 376 .687
CIS AT7 .640
Table 2: Factor loads for validity tests
Variable | CF1 | CF3 | PU3 | PU4 | SAl | SA3 | SA4 | PAVI | PAV2 | PAV3 | CIl CI2 | CI3
Loading | .681 | .517 | .547 | .507 | .579 | .606 | .586 | .756 .607 532 .671 | .648 | .589
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(2) Validation factor analysis

According to the previous exploratory factor analyshe influencing factors of users'
willingness to use online education platform haiwe flimensions, and each dimension
contains different number of measurement itemsrtter to test the adaptability of the
model of influencing factors of users' willingness use online education platform,
statistical analysis software is used A MOS 25.0ficmatory factor analysis. The test
results show that the adaptability index valueshefinfluencing factor model of users'
willingness to continue using on the online edwsaplatform are as follows (Table 3).

Table 3: Fitness of Factors

x?/df | RMSEA | GFI | AGFI | CFI | IFI TLI

2.166 | 0.053 0.957 | 0.928 | 0.954 | 0.955 | 0.953

In terms of the criteria of model fit, this res¢asdopts the seven adaptation degree
judgment index, respectively is: chi-square freedauio (¢2/ df), fitting index (GFI),
after fitting index (AGFI), gradual adjustment ihsal mean square and square root
(RMSEA), compare the fitting index (CFI), non -radard fitting index (TLI) and added
value fitting index (IFI). When evaluating the ffity degree and structural validity of the
model constructed, the relevant indicators propdsetinglong (2009) [16] have been
relatively mature and widely used by domestic satsol According to the comparison
between the values of each fithess evaluation indéfe model and the standard values
of good fitness, itsy?/DF value is about 2.166 < 3, CFl = 0.957> 0.9, §/1.954> 0.9,
RMSEA = 0.053 < 0.08, TFI = 0.954> 0.9, IFI = 0.95@.9.It can be seen that all the
fitting indicators of the model meet the standanadicating that the overall fitting degree
of the influencing factor model of users' willingseto continue using on the online
education platform is high, and the model can babdished.

Table 4 shows that the range of standardized Ibadge is 0.562~0.739, which is
higher than the standard of 0.50. The range of @aRie change is 8.548~12.171, which
is greater than the critical value of 1.96.At thene time, the statistical significance level
is reached, indicating that each item has a gopthration effect on the latent variables.
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Table 4: Validation Factor Analysis (N=410)

Non-standard Standard
Path CR. P

loads load

CF3 <--- Expected confirmation 1.000 739
CF1 <--- Expected confirmation 775 12.171 ok 732
PU4  <-- Perceived usefulness 1.000 .647
PU3 <--- Perceived usefulness .900 9.789 ok .629
SA4 < Satisfaction 1.000 610
SA3 < Satisfaction 934 9.300 Ex 562
SAl < Satisfaction 1.031 10.648 | *** 673
PAV3 < Perceived added-value 1.000 .669
PAV2 < Perceived added-value 974 8.548 ok .605
PAV]  <-- Perceived added-value .893 8.692 ok .628
CI3 <--- Continuing use intention 1.000 574
CI2 <--- Continuing use intention 1.094 8.702 ook .624
CIl <--- Continuing use intention 968 8.989 ok .664

4.3. Hypothesis testing

The SPSS 23.0 software is used to analyze the lathnear regression, and the

verification results of the research hypothesisadr@ained, shown in table 5. The results
in table 5 reveal that the research hypotheses fitrto H7 are all significant at the level

of 0.001, demonstrating that all the hypotheseseacepted.
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Table 5: Regression analysis between variables

Overall fitting The significance of
The regression equation
index regression coefficient
The dependent variable Predictor variable R? F B t
Expected confirmation
0.449 10.223
Satisfaction (SA) (€ 0.422 | 150.008
Perceived usefulness (PU) 0.294 6.698
Perceived usefulness Expected confirmation
0.265 148.210 0.516 12.174
(PU) (CF)
Perceived added-value
Perceived usefulness (PU) 0.072 32.693 0.272 5.718
(PAV)
Perceived usefulness (PU) 0.336 7.135
Continuing use intention Perceived added-value
0.346 73.164 0.093 2.100
(CI) (PAV)
Satisfaction (SA) 0.292 5.807

Therefore, the final tested model and correspongaty coefficients of the model are
shown in figure 2.

Expected confirmation . 547 e

.549 ** 450 ***

.455 *

. »{ Continuing use intention
Perceived usefulness

\u:\. *kk
-293 Perceived value added /256/'

Figure 2: Path analysis results of the research model

5. Conclusion and discussion

Based on the theory of expectation confirmation d@he characteristics of online

education platform, this study constructs a thécmktodel of continuous use of video
websites, and verifies the model of influencingdag of users' willingness to continue to
use online education platform. The results show tha

(1) the perceived usefulness, satisfaction andeperd added-value formed by users in
the process of using the online education platfareimportant factors that affect their
continued use of the platform;
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(2) the perceived usefulness formed in the prooéssing the online education platform
will have an impact on satisfaction and perceivedeal-value;

(3) at the same time, the degree of expectatiofiromation will significantly affect the
perceived usefulness and satisfaction of users.

According to the results of this paper, the follogrisuggestions are put forward for
the operators of online education platform. Firsttymake users feel the use of online
education platforms to improve perceived usefulnessause it is verified that perceived
usefulness has significant positive effects onrmenkducation platform user satisfaction,
perceived added-value, and continuous use intentioe more users feel that the online
education platform is useful, the higher their ffatition with the online education
platform, the greater the added-value of the prtejuiend the stronger the intention to
continue to use the online education platform. Binéine education platform should
expand the propaganda of the online educationgptatfenhance the popularity through
many ways, such as creating hot topics onlinehabrhore people can really understand
the online education platform, let users know thaecfion of the online education
platform, the advantages of the online educati@if@m, and how to use the online
education platform. Through these measures, userfi@ave a practical understanding of
the usefulness of online education platform, thusrmting the continuous use of online
education platform.

Secondly, it is important to make the online ediacaplatform meet the expectations
of users to improve the expectation confirmatiorxpéttation confirmation has a
significant positive effect on the perceived usedgls and satisfaction of online education
platform users. Therefore, first of all, we shodtd a good job in the function design of
the online education platform, so that the fundiof all aspects of the online education
platform can meet the user's expectations. Secotullyarry out accurate propaganda,
blindly expand the propaganda, exaggerate the éalyas of online education platform
can easily lead to learners to produce too higinieg expectations, so that users in the
use of too big gap, is not conducive to the improset of their expectations
confirmation. Therefore, we should carry out readd® propaganda and promotion of
online education platform, so as to ensure thatenfeairners understand the advantages
of online education platform, while not allowingakaers to expect too much from the
learning process and results.

Thirdly, it is vital to ensure that content-addeztvices are matched with fees to
improve user satisfaction and perceived added-vadllser satisfaction and perceived
added-value in the process of online educatiorfqulat are important reasons for their
continued use of the platform. The essence of addke is use value, increasing
added-value is very important for enterprise mamegeg and development. If products
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want to have higher cost-performance ratio, theystnimprove user perception of
added-value. Innovation is the fundamental wayntrdase added-value. We should
continue to optimize community interaction, intedadesign, customer service attitude,
etc. In addition, product features should allow usergustomize as much as possible.
Because each user's habits are different, if tbdymt is developed, the user can have a
random customization of the content and the tim@gdeof learning according to his own
preference. Then the user's experience will noidifgl thus forming a better user
experience, improve satisfaction.

Lastly, it is crucial to develop user's paying habid copyright consciousness. The
essence of online education platform is that usars get the best information in the
fastest time by paying professional teams. At predeigh quality original content and
large effective user group are the main drivingéoof content realization, reversing the
deep-rooted free habits of Internet users is #tid key factor for the sustainable
development of online education platform. On theeothand, we should cultivate users'
copyright awareness and reduce the possibilityayiny users to forward the content
twice. Respect the intellectual labor of contemtdorcers and create a better environment
for high-quality original content production.
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